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Supplementary material includes:

Table S1 - R packages used and citations.
Table S2 - Top movement model fits and effective sample sizes.
Table S3 - All movement model fits.

Figure S1 - Sampling of data points over the three years of tracking. Colours separate individual years, and are
nudged (y) to aid differentiating years.

Figure S2 - Bar plot showing the time lag in hours between tracks, with median (dotted) and mean *standard
error (dashed) annotated.

Table S1 - R packages used and citations.

Use of Package, version, and citation
package
Data dplyr v.1.0.2 (Wickham et al., 2020), lubridate v.1.7.9.2 (Grolemund &

manipulation ~ Wickham, 2011), stringr v.1.4.0 (Wickham, 2019), reshape2 v.1.4.4
(Wickham, 2007)

Home range rgdal v.1.5.18 (Bivand, Keitt, & Rowlingson, 2020), ctmm v.0.6.0 (Fleming

estimation & Calabrese, 2021), sp v.1.4.4 (Bivand, Pebesma, & Gomez-Rubio, 2013)
Bayesian bayesplot v.1.7.2 (Gabry et al., 2019), brms v.2.14.4 (Biirkner, 2018),
modelling performance v.0.6.1 (Lidecke et al., 2020), tidybayes v.2.3.1 (Kay, 2020)

Visualisation cowplot v.1.1.0 (Wilke 2020a), ggplot2 v.3.3.2 (Wickham 2016), scico
v.1.2.0 (Pedersen & Crameri, 2020), scales v.4.0.3 (Wickham & Seidel
2020), ggpubr v.0.4.0 (Kassambara, 2020), ggspatial v.1.1.4 (Dunnington,
2020), ggridges v.0.5.2 (Wilke, 2020b)
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Table S2 - Top movement model fits and effective sample sizes. dRMSPE: root mean squared prediction error

dRMSPE Effective Movement t .(crossmg
ID sample time est.;
(m) ) model

size days)
FO1 33.624 27.880 OU anisotropic 9.830
FO2 1507.207 32.406 OU isotropic 8.432
FO3 33.994 19.081 OU anisotropic 14.444
Fo4 4.425 55.510 OU anisotropic 4.870
FO5 21.393 39.396 OU anisotropic 14.071
FO6 68.060 6.052 OU anisotropic 1.510
FO8 175.805 3.389 OUF isotropic 2.369
F09 15.077 21.578 OU isotropic 12.870
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F10 44.596 7.793 OU anisotropic 24.924
F12 54.938 4.894 OU anisotropic 1.073
F14 8.323 23.865 OU isotropic 10.702
F15 5.726 24.137 OU anisotropic 9.453
Mo01 17.963 47.951 OU anisotropic 5.559
MO03 308.551 58.953 OU anisotropic 4.611
MO04 25.342 33.578 OU anisotropic 8.641
MO05 156.404 75.065 OU anisotropic 2.713
MOo6 39.709 19.654 OU anisotropic 11.011

Table S3 - All movement model fits. Model abbreviations: Ornstein-Uhlenbeck (OU), Ornstein—Uhlenbeck
Foraging (OUF), and Independent Identically Distributed (1ID). dRMSPE: root mean squared prediction error.

Movement

ID model dAICc dRMSPE (m)  Effective sample size
FO1 OU anisotropic 0.000 33.624 27.880
FO1 OUF anisotropic 2.093 26.715 33.326
Fo1 OU isotropic 22.806 30.828 32.089
FO1 OUF isotropic 24.840 25.144 37.719
FO1 OUF anisotropic 31.483 3.932 60.449
FO1 11D anisotropic 120.676 0.000 4.022
FO2 OU isotropic 0.000 15.072 32.406
FO2 OU anisotropic 1.025 22.976 27.567
FO2 OUF isotropic 2.050 11.010 37.852
FO2 OUF anisotropic 3.141 17.711 32.993
Fo2 OUF isotropic 83.437 0.148 82.564
FO2 OUF anisotropic 85.386 0.000 73.656
Fo2 [ID anisotropic 150.039 5.957 111.331
Fo2 IID isotropic 178.560 5.957 110.000
FO3 OU anisotropic 0.000 33.994 19.081
FO3 OUF anisotropic 2.060 24.043 24.664
FO3 OU isotropic 3.830 60.740 17.271
FO3 OUF isotropic 5.813 48.561 23.113
FO3 OUF anisotropic 100.788 0.000 66.586

FO3 IID anisotropic 205.322 31.258 0.091
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Figure S1 - Sampling of data points over the three years of tracking. Colours separate individual years, and are

nudged (y) to aid differentiating years.
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Figure S2 - Bar plot showing the time lag in hours between tracks, with mean (dashed line) annotated.



